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Speech Separation Method Based on Uncertainty Perception

Tu Binwei Li Jun

(School of Automation, Guangdong University of Technology, Guangzhou 510006, China)

Abstract: In order to resist the disturbances of noises, we proposed a speech separation method based on uncertainty perception.
In the training phase, a two-link architecture is adopted to learn the codec subnet and separate subnet of noise and speech source
components respectively. In the testing phase, the noise coding subnet is updated adaptively in the form of closed solution, so as to
reduce the mean deviation of training and testing noises in the feature space, reduce cognitive uncertainty, keep the important
parameters unchanged as far as possible, and indirectly limit the empirical error of speech separation. Experimental results on the
public datasets LibriSpeech, NoiseX and NonSpeech show that the proposed approach can rapidly and effectively improve the scale-
invariant source-to-noise ratio of speech separation under the interferences of unknown noises.
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