~ &R

ASCEI B BRI CAD, BRI, A% A0, 256 THI R 0 90 26 47 5 A2 1) 1) St b 1 B A0 SV (0], B 3k 5 15 B 0 FE,2025,46(2):25-

31;62.

GENG Yongzhong, HUANG Qiuyuan, YU Taisong, et al. Improved particle swarm optimization algorithm for

logistics vehicle routing planning[J]. Automation & Information Engineering, 2025,46(2):25-31;62.

T [R5 B 5 B 12 MR Y B R TR D

Bk PR R

PUENE

([E g4 B Bl EYEAH R AR, EiF 200000)

P : NIRUDRERORE SRR, RMRENCR, BIRIZE A, 2 — I [ i 2 0 2 ) 1
BERL TR (PSO) Sik. BRSO SEIENIGAHE, JFRI 2 T I A R ks 758 OB S s A R
00 FE A 2% T PR )T, SR AR T R AR B T A . AT A% S RN ML) PSO B0, A2 BRI A S
AR RE BRI THERR N FESCBRARIE S, %R N T R B S R

KEEIA): VR R BOEROR TR A SR SO RIS R IR

FESES: TP301.6
DOI: 10.12475/aie.20250204

Iﬁk*ﬁfgﬁg A

NEMRS: 1674-2605(2025)02-0004-08
FFAU3RBY

Improved Particle Swarm Optimization Algorithm for
Logistics Vehicle Routing Planning

GENG Yongzhong HUANG Qiuyuan YU Taisong LIU Jiapeng
(Sinopharm Group Shanghai Biopharmaceutical Co., Ltd., Shanghai 200000, China)

Abstract: To optimize the logistics vehicle routing planning, improve delivery efficiency, and reduce operational costs, an

improved particle swarm optimization (PSO) algorithm for logistics vehicle routing planning is proposed. This algorithm employs a

greedy algorithm to initialize the solutions and utilizes a particle crossover update algorithm based on the iterative process to balance

the search scope and search speed, thereby achieving shorter total path lengths for the solutions. Compared to genetic algorithms and

classical PSO algorithms, this algorithm exhibits smaller total path lengths, lower fitness values, and reduced computational time. In

practical routing tasks, the algorithm generates more rational planning results than manual scheduling.

Keywords: logistics vehicle routing planning; improved particle swarm optimization algorithm; greedy algorithm; particle

crossover update algorithm
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